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A Review of Artificial Intelligence Generated Content
(AIGC) : International Progress and Research Agenda

Zhu Yu Ye Jiyuan (School of Information Management, Nanjing University)

Abstract: Artificial Intelligence Generated Content (AIGC) has been widely applied in various societal scenarios, sparking
considerable interest among researchers. However, there is a lack of consensus on the international research status and hot
topics of AIGC. It is necessary to systematically track and summarize the international progress in AIGC research. Employing
a mixed research method combining bibliometric analysis and content analysis, this study reviews AIGC research over
the past 33 years. It systematically examines core journals, literature, authors, countries, thematic evolution, and hot topics.
AIGC research overall presents two major themes: “technical foundation” and “application echo,” with the latter garnering
increasing attention. The study identifies four primary issues: conceptual debates, impact assessments, application trials,
and future agendas. This paper systematically organizes and tracks the evolutionary process and hot topics of AIGC research,
providing references for future research in the theoretical methods and innovative applications of AIGC. It points out that
future research related to AIGC can be deepened in five agendas: information resources management, human subjectivity,
education and research, digital transformation, and Al ethics.
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